Crime has tangible economic costs. It also has less understood and likely sizable intangible costs. In particular, widespread crime has the potential to weaken trust between citizens and institutions, undermine government reform efforts, and become an obstacle to development. Yet, the impact of crime on trust remains relatively unexplored in the literature. This paper analyzes the potential interrelationship between individual victimization and several measures of trust, including trust in formal public institutions and trust in informal private networks. It is based on a representative sample of individuals in 19 countries in Latin America. The empirical strategy is intended to mitigate overt biases and assess sensitivity to hidden biases. The results show that victimization has a substantial negative effect on trust in the local police but no robust effect on informal institutions. Governments may henceforth need to redouble efforts to reduce victimization and the resulting erosion of trust in public institutions.
Introduction
Crime is the number one concern of citizens in Latin America. Public opinion polls for 2011 show that nearly 30 percent of respondents cite crime as the most important problem in their country, up from 5 percent in 1995, closing the gap with unemployment for the first time in recent periods (Figure 1) . The World Health Organization estimates that the number of homicides committed with firearms in the region is three times the world average. Property crime is also much higher in Latin America than in other regions of the world (Figure 2 ).
Figure 1. Concern about Crime and Unemployment in Latin America
In your opinion, what is the most important problem in the country? Source: Latinobarómetro (2011) .
Figure 2. Crime Rates in Latin America and the Caribbean Compared to Other Regions
In the last 12 months, have you been mugged or assaulted?
Source: Authors' calculations based on Gallup (2007) . 1995 1996 1997 1998 2000 2001 2002 2003 2004 2005 2006 2007 2008 Crime has high direct tangible costs, including, for instance, expenditures related to public and private efforts to prevent crime, criminal justice and prison systems, and the value of goods destroyed through criminal activities. 1 But the welfare implications of crime are potentially far deeper. Crime does not only victimize individuals; it can also weaken the fabric of social life by increasing fear, suspicion, and distrust. Trust links ordinary citizens to the institutions intended to represent them. Low trust undermines collaboration and the necessary support to strengthen institutional capacity. The impact of crime on trust can thus perpetuate a vicious cycle of poor cooperation, weak institutions, and reduced economic opportunities. By reducing trust, crime can grind down the foundations of society and become an obstacle to development itself.
In this paper we aim to quantify the relationship between crime and trust in Latin America. In particular, we estimate the effect of individual victimization on different measures of trust in formal and informal institutions. Formal institutions include laws, the constitution, and State organizations, among others. Informal institutions include the behavior and customs of a society. In this paper, we analyze trust in public institutions that deal with crime, such as the police and the judiciary system. We also analyze trust in informal networks, including friends and family (called social networks throughout the paper) and business partners outside the family (called business networks throughout the paper). Finally, the paper discusses the importance of trust for improving the perception of security.
We use propensity score matching (PSM) to isolate the relationship between crime and trust that can be attributed to the experience of victimization. Combined with country fixed effects and other controls, PSM minimizes the overt bias in the estimates. Additionally, we quantify the sensitivity of the estimates to hidden bias.
Our results suggest that there is a strong negative impact of victimization on trust in the local police. Crime victims have, on average, a 10 percent lower probability of trusting the local police compared to non-victims. This is a sizable effect considering that the average probability of trusting the police in the region is about 50 percent. There is also a negative association 1 See for instance, Londoño and Guerrero (2000) , Soares (2006) , and Soares (2010) . between victimization and trust in the judiciary and trust in friends and relatives. However, these results are not significant after controlling for overt biases using PSM. The impact on business networks does not appear to be significant. We also find that victimization is positively correlated with the perception of insecurity and the likelihood that people move out of their cities.
These findings have important implications for public policy. The negative impact of victimization on trust in the local police means that governments must devote even more resources to address the consequences of crime. Policies in the region need to focus on reducing the risks of actual victimization and on rebuilding trust in public institutions.
The next section of this paper briefly presents some related literature. This is followed by our data and empirical strategy, and then a discussion of the results. The final section provides conclusions.
Literature Review
This paper is related to several strands of literature. The literature on the economics of crime emphasizes cost-benefit analysis to understand individual incentives to commit crimes. Significant debate has emerged between authors that consider private incentives versus "the environment" as the main drivers of crime. 2 Both macro (e.g., inequality, poverty, and growth) and micro (e.g., sentence length, policing, and abortion laws) drivers have been subjects of analysis. 3 A more recent strand of literature has grown with the availability of victimization surveys at the micro level. These surveys have allowed researchers to study the socioeconomic determinants of victimization, where the burden of crime on society is the main empirical concern. They have also been used to correct the significant underreporting that is suspected in aggregated official crime data. A third strand of literature has been spurred by the introduction of social capital in empirical studies. "Bad" social capital has been linked to an overall disruption of society reflected in corruption rates, connections of politicians to illegal activities, and the increased productivity of criminal activities, especially in poor and middle-income countries. 4 Some papers have also established that "good" social capital helps reduce crime. 5
For the Latin American and Caribbean region, there is growing literature that uses microdata to understand victimization and the impact of crime on wellbeing. 6 Gaviria and Pagés (2002) and Gaviria and Velez (2001) focus on victimization patterns and find that middle-and high-income households are more affected by property crimes. They also establish that high crime rates in the region correlate with drug trafficking and population growth in urban areas, which overload the justice system. Medina and Tamayo (2011) find negative effects of crime (homicide rate by neighborhood) on life satisfaction. Di Tella et al. (2008) , who exploit the same database as our study, look at some of the effects of victimization on well-being. In particular, they establish a correlation between being victimized and emotions, such as feeling pain, boredom, and depression. They also find that victimization affects ideological beliefs. Graham and Chaparro (2011) study the effect of victimization on happiness. They propose that people who live in high crime areas may "adapt" and report less impact of crime on happiness than otherwise. They also find a detrimental impact of victimization on health.
Some recent studies that use survey data from Latin America have examined the impact of crime victimization and insecurity on support for democracy. Fernandez and Kuenzi (2010) , Cenabou et al. (2011), Paras and Coleman (2006) , and Carreras (2011) find that crime victimization negatively affects satisfaction and support for democracy in the region, although not necessarily a change away from democracy. 4 "Bad" social capital is related to social capital used within criminal activities to augment their productivity. For example, terrorism and high-profile assassinations tend to scare people away from collaborating with the government to prosecute suspects. The widespread environment of noncooperation with justice systems increases the business network of criminals by reducing their transaction costs. Rubio (1997) shows that, in Colombia during the 1980s and 1990s, social capital benefited illegal activities, with criminals creating connections and medium-term alliances with rivals to increase the profitability of crime. 5 See, for example, Buonanno et al. (2009 ), Cuesta et al. (2007 , and Deller and Deller (2010 Few studies investigate the relationship between crime victimization and trust in institutions. Bateson (2010) , using both original interviews in Guatemala and LAPOP data from 2008, finds that victims of crime exhibit lower levels of confidence in the judicial system and law enforcement compared to non-victims. Malone (2010) concludes that in Central American countries with high crime rates and poor justice institutions, fear of crime in the neighborhood reduces both trust in justice systems and trust in the police. Crime victimization, however, has a negative effect only on trust in the police. Ahmad et al. (2011) suggest that victimization by police corruption and crime victimization negatively affect trust in the national police. In turn, Perez (2003) shows that crime victimization reduces trust in the national civil police in El
Salvador, but has no effect in Guatemala.
Our research builds on these results by implementing a more robust econometric approach and by exploring a different set of outcomes related to trust in formal and informal institutions. In particular, this paper is one of the few that controls for overt biases by implementing PSM. Moreover, we perform a host of simulations to assess sensitivity to hidden biases. These techniques allow us to discard a number of results that had been established in other papers and provide support for those results that remain significant after controlling for both overt and hidden biases.
Data and Empirical Strategy
Unfortunately, the data available on crime in Latin America is relatively scarce. Consequently, empirical work faces several methodological challenges, including measurement error, endogeneity, and omitted variable bias. To the extent permitted by the data, this paper aims to resolve some of these problems by employing PSM complemented by sensitivity analyses. The survey provides information about individuals' victimization and socioeconomic background. It also includes respondents' attitudes toward politics, democracy, citizen collaboration, law and order, migration, well-being, health, and the environment. It is a crosscountry survey with 1,000 respondents per country. The data was collected by randomly choosing telephone numbers or face-to-face visits within the Primary Sample Units. The number of observations in the empirical analysis varies between 9,000 and 17,000, depending on the specification. 7 Table A1 in Appendix A provides definitions of the main variables used in the analysis and Table A2 presents basic summary statistics.
The data contains valuable and novel information about perceptions of trust and insecurity based on a uniform questionnaire. This improves the comparability of data across countries. It also relies on self-reported experiences on victimization that have been found in the literature to be less prone to underreporting bias and measurement error compared to official crime statistics. 8 However, we found two main limitations in the data. It does not follow individuals over time and it does not include a location identifier. These characteristics severely constrain the potential to use external instruments and to control for unobserved fixed effects.
We use two variables for victimization. The first takes the value of 1 if the individual was mugged or assaulted in the past year. The second takes the value of 1 if the individual or a family member had something stolen over the same period. In principle, we expect the first variable to better measure the impact of direct victimization. The second variable is therefore primarily used to check the robustness of the results.
We focus on trust as our measure of the strength of institutions given that trust is gaining prominence as an important determinant of development. Trust, cooperative norms, social participation, and associations all fall within the definitions of social capital. 9 Knack and Keefer (1997) conclude that it is trust and civic cooperation-rather than associational activity-that is 7 To ensure that the results are not being driven by any specific group of countries, we tested whether the coefficients varied by subregions within Latin America. We did not find significant differences across samples. These results are available upon request. 8 See, for instance, Fajnzylber et al. (2000) and Soares (2006) for a discussion of measurement problems in crime data and the advantages of victimization surveys. 9 Putnam (1993) defines social capital as features of social organization-such as networks, norms, and trust-that facilitate coordination and cooperation for mutual benefit. linked to stronger economic performance. More recent literature increasingly emphasizes the role of trust. 10 Consequently, institutional reforms to provide better formal mechanisms for conflict resolution, enforcement of contracts, and access to opportunities acquire even more significance in environments of low interpersonal trust.
In particular, we analyze two indicators of trust in formal public institutions. The indicator variable of trust in the local police takes the value of 1 if the respondent answered positively to the question: "In the city or area where you live, do you have confidence in the local police or not?" The indicator variable of trust in the judiciary system is constructed in a similar fashion. These public institutions are closely linked to crime prevention and their perception is arguably susceptible to victimization. At the same time, low trust in these institutions can undermine incentives to report crimes to the authorities and support public policies to fight crime.
We also look at trust in informal institutions in the private sector, measured as trust in social and business networks. People who belong to such networks trust others who belong to them as well and are more likely to exhibit civic behavior. Victimization has the potential to disrupt this trust. The indicator variable on social networks takes the value of 1 if respondents answered positively to the question: "If you were in trouble, do you have relatives or friends you can count on to help you?" In turn, the indicator variable on business networks is based on the question: "Other than your family members, is there someone you trust enough to make them your partner to start a business?" The analysis of these two measures allows us to test whether victimization has an effect on the economy at the micro level through the business environment as well as through more subtle interpersonal relationships. We finally explore a few other outcomes that could indirectly affect the strength of networks, such as whether the individual is likely to move, recommend the city to a friend or associate as a place to live, or feel satisfied with the city. Table 1 presents key correlations. 
Methodology
Our basic econometric specification proposes a relationship between crime victimization and different measures of trust. The baseline equation is:
where ic denotes individual i in country c, X are individual controls, γ are country fixed effects, and ε ic is the error term. Our baseline results are based on a probit model.
Our main goal is to estimate the parameter β in the equation above, which captures the impact of victimization on trust. The relationship could be positive or negative. Being the victim of a crime can undermine trust in public institutions that deal directly with crime prevention, such as the police and the judiciary. Victimization can also undermine trust in social and business networks by instilling fear. At the same time, however, being the victim of a crime could stimulate associational activity as a community reaction and strengthen rather than undermine social capital. The link between trust and crime is hence complex and multifaceted, and ultimately should be the subject of empirical investigation.
A challenge in the estimation of our equation for trust is potential endogeneity in our victimization variable. Given that we lack exogenous instruments (i.e., most variables that affect victimization have a direct effect on trust in police) or an experimental design, we use PSM. 11 This technique allows us to compare victimized and non-victimized individuals that are similar in their observable characteristics, so that the only difference that remains between the two subsamples is victimization. We can thus construct a counterfactual scenario to victimization and draw inferences that are less subject to overt biases. Assuming we capture all relevant differences between those who have been victimized and those who have not, PSM yields an unbiased estimate of the impact of victimization on trust.
PSM outperforms OLS or probit estimations because once we control for certain characteristics that might influence the probability of victimization, being mugged is per se a random event at the micro level. For example, two people living in the same area, with the same age, gender, and level of income, have the same likelihood of being mugged when they step out the front door of their own home. This allows us to think of victimization as an exogenous treatment once we account for all relevant variables. 12 We perform the matching in two steps. First we calculate the propensity score, which is the probability of being victimized given a set of observed covariates, for each observation using a probit model. Then we estimate the average treatment effect on the treated (ATT) conditional on the propensity score. Thus, we match each victimized individual with a non-victimized individual with a similar propensity score using common matching methods in the literature. 13 We also add controls that aim to capture more general aspects of the quality of public institutions, the environment, and personal traits that can affect both the probability of being a victim of crime and trust. The regressions include country fixed effects to control for nationwide policies and characteristics. We also use controls at the individual level related to the perception of widespread corruption in government and the quality of infrastructure. Dummies for urban (vs. rural) location and for the presence of gangs and illicit drug sales in the neighborhood are used as proxies for factors that are likely determinants of both trust and victimization. Finally, we add measures on volunteering and personal and socioeconomic characteristics.
Given the cross-sectional nature of the data, we are unable to control for unobservable fixed effects and thus some hidden bias may remain. While the PSM enables us to control for observed covariates, the matching estimators are not robust to a potential hidden bias. Such a hidden bias may arise if there are unobservable variables that cannot be controlled for in the matching and that simultaneously affect the probability of being victimized and our measures of trust. To address these concerns, we assess the sensitivity of the results to potential unobserved variables. More specifically, our simulations quantify the extent of hidden bias that would need to be present to change the significance of the results. 14 Our empirical strategy thus allows us to test the robustness of our results to both overt and hidden biases.
Results
As a first step, we estimate probit models using four measures of trust: trust in local police, trust in the judicial system, trust in social networks, and trust in business networks. Then we present the results using PSM. For those results that remain significant after the matching process, we perform sensitivity analysis. Finally we look at additional outcomes of interest related to perception of insecurity and incentives to move out of the city.
Probit Results
Tables 2 and 3 focus on public institutions and show that there is a significant negative relationship between victimization and trust in the local police and in the judiciary system. As could be expected, the effect is larger for the local police than for the judiciary, but they are both important in magnitude. The reported marginal effects suggest that victimized individuals have a lower probability of trusting the local police by around 10 percent compared to non-victims. This is a sizable reduction considering the sample probability of trusting the local police is about 50 percent, the lowest rate compared to other regions in the world (Figure 3 ). The reduction of trust in the judiciary system for victims is about 3 percent compared with a sample probability of 30 percent.
The results further reveal that the infiltration of gangs and drug sales are important factors in increasing the risk of crime. Adding these controls reduces the impact of victimization (from columns (4) to (6) in Tables 2 and 3) , signaling positive correlation with our victimization measures. The marginal effects from gangs and drug sales are negative and highly statistically significant for trust in the local police, suggesting they directly reduce trust in public institutions.
In the case of trust in the judiciary, the inclusion of drug sales takes away the effect from gangs.
Victimization still retains its relevance in size and significance. Looking at the other covariates in Tables 2 to 4, the effect of age on trust is mixed. While older age positively affects trust in the local police, it negatively affects trust in the judiciary as well as in social and business networks. Furthermore, individuals with more years of education tend to trust less in the police and the judiciary. In contrast, more education increases trust in friends and in business networks. A similar, yet less pronounced, trend occurs with the income variable, which has no effect on trust in local police, lowers trust in the judiciary, and increases trust in others. Having a job is not statistically significant in any of the regressions. There are no gender differences, except when it comes to trust in business networks, where there is a slightly negative effect for women. The coefficient on the dummy variable for living in an urban area is highly statistically significant and negative for trust in public institutions but insignificant for trust in others. Trust in public institutions is positively associated with satisfaction with road infrastructure and negatively associated with perceptions of corruption in government. By including infrastructure and corruption variables, we aim to control for the overall satisfaction with public services and quality of public institutions. 15 If not included, the effect of victimization might be overestimated (as in columns (1) to (5)), mainly because the previously omitted variable (quality of institutions) has a direct effect on trust and is correlated to included covariates.
We also find that people who volunteer are on average more likely to trust public institutions and informal networks. Our variable on volunteering aims to control for some inherent individual attitudes that could be correlated with both victimization and trust. For instance, people with more trust in the state who actively participate in the community may have political mechanisms to reduce crime rates at the local level.
Column (9) of Tables 2 and 3, and columns (4) and (8) of Table 4 include the same covariates as the previous column of each table but with having had something stolen as the measure of victimization. The results are very similar. There is a negative and significant effect of having had something stolen on trust in the police, trust in the judiciary, and trust in friends.
There is no significant effect of having had something stolen on trust in business networks.
Propensity Score Matching Results
As a first step in PSM, we estimate the propensity score using a probit model. The results are shown in Table 5 . All observations are on support (Figure 4 ). Several variables are significantly associated with victimization. Younger age, being male, living in an urban area, the perceived presence of gangs and drug sales, dissatisfaction with roads, government corruption, and volunteering are significantly and positively associated with victimization. The variables that have the strongest association with victimization are living in an urban area and the presence of gangs, with the presence of drug sales following in magnitude.
Table 5. Probit Estimates of the Propensity to Be Mugged
Source: Authors' calculations.
Figure 4. Common Support of Overlap Region
Source: Authors' calculations. To compute the average treatment effect on the treated (ATT) in the second step of the PSM, we chose different matching algorithms, namely nearest neighbor matching, nearest neighbor matching without replacement, 50 nearest neighbor matching, and radius matching. Table 6 shows that the matching was successful in reducing the mean standardized bias (last two columns) from around 10 percent to around 3 percent or below in all cases. 16 In the regression with local police as the dependent variable, the results are in line with the results from the probit models and thus confirm their robustness. Individuals that have been mugged are on average roughly 10 percent less likely to exhibit trust in the local police. These results are highly statistically significant. For both trust in the judiciary and trust in social networks, the impact of victimization is not robust to the matching. There is a statistically significant effect for only two of the four matching methods. 17 For trust in business networks, the PSM results confirm the results obtained from the probit estimations: there is generally no significant effect of victimization on trust in business networks. Table A3 in Appendix A shows the differences in means before and after matching for the 50 nearest neighbor matching with trust in the police as the outcome variable. The table reveals that matching successfully balances the distributions of the covariates in the victimized and non-victimized subsamples. The standardized bias is successfully reduced, from a mean of 9.8 before the matching to a mean of 0.7 after the matching (last two rows of Table A3 ).
Furthermore, the t-test on the hypothesis that the mean value of each variable is the same for the two subsamples cannot be rejected for any of the variables after the matching.
In sum, the results of the PSM show that the effect of victimization on trust in the judiciary and trust in social networks is negative but small and at most significant at the 10 percent level. The results further confirm that there is no effect of victimization on trust in business networks. Finally, the results give confidence that there is indeed a large and highly 16 The standardized bias for each covariate X is defined as the difference of sample means in the treated and matched control subsamples as a percentage of the square root of the average of sample variances in both groups. A bias reduction to below 3 percent or 5 percent is usually seen as sufficient (Caliendo and Kopeinig, 2005) . 17 This result is in line with Malone (2010) , who finds that victimization in Central American countries affects trust in the police but not trust in the judiciary. statistically significant effect of victimization on trust in the local police. This seems intuitive, since the local police are most directly involved with handling crime and hence being victimized can undermine trust in this public institution. 
Sensitivity Analyses
While the matching appears to successfully balance the distribution of covariates between the victimized and non-victimized subsamples, PSM only controls for observable covariates and can thus only eliminate overt biases. The concern that there is some hidden bias, caused by an unobservable variable that influences our results, remains.
To address this concern, we implement two types of sensitivity analysis. We do so only for the estimations that use trust in the local police as the outcome variable, since only these results are robust after matching. While it is impossible to prove that a hidden bias is present or absent, a sensitivity analysis yields insights into how much hidden bias would need to be present to invalidate the results obtained from the matching analysis. Table 7 shows the results of the sensitivity analysis on hidden bias based on the bounding approach proposed by Rosenbaum (2002) . 18 Γ is defined in terms of the odds of receiving treatment and equals 1 for randomized experiments. In an observational study, Γ may be larger than 1 and the victimized and non-victimized subsamples may differ in their odds of receiving treatment by that factor. The bigger Γ gets, the further the study differs from an experimental setup and the wider the range of possible p-values because of the uncertainty caused by potential hidden bias. Looking at a conventional p-value of 0.05, Table 7 shows that the critical level of gamma, at which our conclusion of a negative effect of victimization on trust in the local police may be questioned, lies between 1.35 and 1.40. This implies that, if we fail to account for an unobserved variable associated with a 35 percent increase in the odds of victimization and if that 18 The analysis is based on nearest neighbor matching without replacement. For an intuitive explanation of the methodology, see Rosenbaum (2005) . Trust in the local police Γ : odds of differential assignment due to unobserved factors variable had a strong relationship with the outcome variable (trust), then the significance level for the coefficient on victimization after adjusting for the unobserved variable lies somewhere between 0.000 and 0.0373 (see Table 7 ). In other words, our results would still be valid even in the presence of an unobserved variable that is both strongly related to trust in the police and Γ = 1.35 times more common among victimized individuals. Therefore, moderate hidden biases cannot explain the observed association between victimization and trust in the local police.
To investigate which potential variables might be strongly correlated to trust in the local police and 40 percent more common among victims compared to the non-victims (and thus invalidate our results), we look at the literature on the sources of trust in institutions. Devos et al. (2002) find that the level of trust in institutions depends on value priorities, such as openness to change or preservation of traditional practices. The authors further find that differences in these value priorities are the reason why religious and right-wing people exhibit more trust in institutions than non-religious and left-wing individuals. Since we have no data on value priorities, we investigate differences in religious affiliation and political affiliation. Table A4 in Appendix A reveals that there are no statistically significant differences in political orientation or religious affiliation among victims and non-victims. Hence, these variables are unlikely sources of hidden bias.
Another paper that investigates the origins of political trust is Mishler and Rose (2001) .
By analyzing political trust in post-communist societies, the authors find strong support for theories emphasizing that trust in institutions is correlated to individual evaluations of institutions' performance. This implies that satisfaction with public services may be a potential source of hidden bias. Additionally, personality traits that influence individual evaluations of institutions' performance might be a source of hidden bias.
Therefore, we identify satisfaction with public services and inherent personality traits as variables that might invalidate our results. For example, it is possible that an individual is inherently anxious or depressed and exhibits behavior that makes him or her more likely to be victimized. If, at the same time, this individual is less likely to trust the local police because of his or her anxiety or depression, this is an unobserved variable that may invalidate our results. A high satisfaction with public services such as infrastructure may be associated with a lower probability of being victimized, since good infrastructure contributes to better citizen security. If, at the same time, individuals that are satisfied with public services are more likely to trust the police, this might be a source of hidden bias. To address these concerns, we implement another type of sensitivity analysis (Table 8) . 19 The goal is to simulate the distribution of an unobserved variable that might generate the problems detailed above.
In this sensitivity analysis, which is based on Nannicini (2007) , we assume that the conditional independence assumption (CIA: outcome in case of no treatment is independent of treatment assignment) no longer holds, but holds given the covariates and an additional, unobserved binary variable u. We choose the four parameters ! !" 20 and can thus describe the distribution of the confounding factor u that we simulate. The simulated u is then treated as all the other covariates. We repeat the matching estimation 100 times and estimate a simulated value of the ATT. We are thus able to calculate an estimate of the ATT, which is robust to a specific kind of hidden bias (i.e., a hidden bias specified by the four parameters ! !" ). As the baseline ATT, we use the estimate from the single nearest neighbor matching, which has a coefficient of −12.1 percent. We simulate confounders that behave like the covariates included in the matching.
To address the concerns mentioned above, we also simulate confounding variables that approximate feelings, mobility, and satisfaction with public services. Table 8 shows that the inclusion of the confounding factors leads to a reduction of the effect of victimization on trust in the police of 2 to 4 percentage points compared to the baseline estimate of −12.1 percent. While this is quite a large reduction, in all of the cases with simulated confounders, the effect of victimization remains sizable and highly statistically significant. This indicates that our results on trust in the local police are robust to potential hidden biases caused by variables similar to the ones included in the matching, as well as variables approximating feelings, mobility, and satisfaction with public services. The two confounding factors that most reduce the impact of victimization on trust are the presence of gangs and drug sales. In line with the results obtained from the probit estimations, the sensitivity analysis confirms that the perception of the presence of gangs and drug sales has an effect on trust in the local police, independent from victimization. This can be interpreted as follows. If there exists a variable that has a similar distribution and effect as the variables perception of gangs and perception of drug sales, and if we control for them in the matching, the coefficient of victimization would be reduced from −12.1 percent to approximately −8 percent. Both Γ and Λ are odds ratios from logit estimations . ***, **, * denote statistical significance at the 1%, 5%, and 10% level, respectively Fraction U = 1 by treatment/outcome Source: Authors' calculations.
ATT
In sum, this sensitivity analysis indicates that our results are robust to a number of potential hidden biases, including those caused by personality traits and institutional performance. The impact of victimization on trust in the local police remains sizable and statistically significant. This is in line with the sensitivity analysis based on the Rosenbaum bounds. We can thus conclude that the effect of victimization on trust in the local police is not highly sensitive to hidden bias and that it is unlikely that a hidden bias exists that is both 40 percent more common among victims and a strong predictor of trust. Table 9 explores other variables that could be affected by victimization. We find that victimization is positively correlated to the probability of moving away from the city, potentially disrupting existing networks. It is also negatively related to the probability of recommending the city to a relative or associate, potentially weakening future networks. Moreover, victimization generally contributes to dissatisfaction in the city and perceptions of the city getting worse as a place to live.
Additional Results
Our final exploration deals with the relationship between trust, victimization, and the perception of security (Table 10) . We estimate a probit model where the dependent variable takes the value of 1 if the respondent indicates she feels safe walking alone at night in the neighborhood. We include as controls victimization and our measures of trust, as well as individual and environment characteristics. Victims of a crime have a lower probability of feeling safe of around 20 percent compared to non-victims. This is a sizable effect considering the sample probability of feeling safe is about 47 percent. Our results also suggest that, controlling for victimization, lack of trust in public institutions and informal networks has a compounding negative effect on the perception of security. The impact is particularly large in the case of trust in the police, even surpassing the direct effect of victimization. These results suggest that, to increase citizens' perception of security, the objective phenomenon of crime clearly matters. Yet, the efficacy of formal and informal institutions in promoting trust in the state and in others can be as relevant as crime itself, and the erosion of trust is as important as victimization in determining feelings of insecurity. Robust standard errors in brackets *** p<0.01, ** p<0.05, * p<0.1
Regressions include controls for age, age squared, years of education, household head, gender, income, employment, urban location, individual perceptions of corruption, satisfaction with roads, and negativism. Persistent negativism is defined as: "Once again imagine a ladder with steps numbered from zero at the bottom to ten at the top. Suppose the top of the ladder represents the best possible situation for (country x) and the bottom represents the worst possible situation. What is the number of the step on which you think (country x) stood about five years ago?". From this variable, we subtract the same question posed for how the person felt at the time of the interview. A positive value of this difference means that the person thinks the country is worse than five years ago. We interpret this as being negative, since LAC countries were emerging from the 1999-2001 crisis in the previous five years and were experiencing economic growth in 2007. (1) (2) (3) (4) (5) (6) (7)
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Conclusion
This paper explores the relationship between individual experiences of victimization and trust in formal and informal institutions in a sample of 19 Latin American countries. We used propensity score matching combined with country dummies, neighborhood traits, and individual controls to minimize the overt bias in the estimates. We complemented the matching with a sensitivity analysis that asked how sensitive the results were to the potential presence of hidden bias. By employing a more robust econometric approach and by analyzing a complete set of trust outcomes, this paper has contributed to the scarce literature on the relationship between crime and trust in formal and informal institutions.
Our results show that victims of crime are less likely to trust the local police. The probability of trusting the local police is roughly 10 percent lower among victims, a significant reduction from already low levels of trust in the local police in the region. The results are robust to the inclusion of additional control variables, to matching, and to moderate hidden biases. Our results further show that the impact of victimization on trust in the judiciary and trust in social and business networks are marginal at best.
We also found a significant correlation between crime and behaviors that may undermine institutional effort, such as moving away from the city and not recommending the city to others.
Victimization was also positively and significantly correlated to fear of crime. These additional results suggest that crime increases the distance between citizens and public institutions.
Reducing crime and its spillover effects on social welfare are core challenges in the policy agenda of Latin America today. Our results suggest that in environments of low trust, governments must work even harder to address the consequences of crime. Public programs to fight crime will not be as effective in the eyes of citizens, and collaboration to report crime and work with the police will be lower. In addition, governments will have to spend more money to improve the perception of public institutions, adding further burden to the already high costs of crime in the region. Policies in the region clearly need to focus on reducing risks of victimization, as well as on rebuilding trust in public institutions. 
Political orientation
More socialist than capitalist (dummy) 0.69 0.005 0.69 0.012 0.01
Religious affiliation
Religion important (dummy) 0.79 0.003 0.79 0.008 0.00
Christian (dummy) 0.86 0.002 0.86 0.007 0.00
